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(57) ABSTRACT

A method for separating tissue classes in MR images is
presented. The method includes acquiring a plurality of
magnetic resonance images of a subject with different acqui-
sition parameters and generating a multi-dimensional inten-
sity distribution model from the plurality of magnetic reso-
nance images. The multi-dimensional intensity distribution
model represents a distribution of intensities of voxels in
each magnetic resonance image of the plurality. The method
also includes identifying clusters of correlated intensities in
the multi-dimensional intensity distribution model and
assigning the clusters into one or more tissue classes based
on the correlated intensities of each of the cluster.
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1
METHOD AND SYSTEM FOR SEPARATING
TISSUE CLASSES IN MAGNETIC
RESONANCE IMAGES

FIELD

The present embodiments relate to a method and system
for separating tissue classes in magnetic resonance images.

BACKGROUND

Radiation therapy is the medical use of ionizing radiation
as a part of cancer treatment to control malignant cells and
may be used as a primary or adjuvant modality. Radiation
therapy (RT) planning may be based on computed tomog-
raphy (CT) images. CT images provide the electron density
information for dose calculation, which may be obtained
almost directly and hence, is used for RT planning.

In some cases, however, the use of CT images poses
difficulties in RT planning. The presence of implants in the
body of a patient, for example, may cause image artifacts.
Magnetic resonance (MR) images may be used in RT
planning for delineation of a tumor and organs at risk, due
to better soft tissue contrast. The RT planning may be
achieved by manual segmentation or atlas based segmenta-
tion of MR images. Also, techniques such as generating a
statistical model from CT images and fitting into MR images
are present. These techniques fail to classify different tissues
in the body of the patient (e.g., in the head). Other tech-
niques such as fitting a statistical model obtained from the
CT images to the MR images are unable to map the
individual skull shape correctly.

SUMMARY

It is desirable to develop a technique, which may be used
for RT planning, that may separate tissues in an MR image.
It is also desirable to develop a system to implement the
method from the MR images.

In one embodiment, a method for separating tissue classes
in MR images is provided. The method includes acquiring a
plurality of magnetic resonance images of a subject with
different acquisition parameters and generating a multi-
dimensional intensity distribution model from the plurality
of magnetic resonance images. The multi-dimensional inten-
sity distribution model represents a distribution of intensities
of voxels in each magnetic resonance image of the plurality,
identifying clusters of correlated intensities in the multi-
dimensional intensity model and assigning the clusters into
one or more tissue classes based on the correlated intensities
of each of the clusters.

In another embodiment, a system for separating tissue
classes in magnetic resonance images is provided. The
system includes a processor configured to acquire a plurality
of magnetic resonance images of a subject with different
acquisition parameters and generate a multi-dimensional
intensity distribution model from the plurality of magnetic
resonance images. The multi-dimensional intensity distribu-
tion model represents a distribution of intensities of voxels
in each magnetic resonance image of the plurality. The
processor is also configured to identify clusters of correlated
intensities in the multi-dimensional intensity distribution
model and assign the clusters into one or more tissue classes
based on the correlated intensities of each of the clusters.

In yet another embodiment, a non-transitory computer
readable medium is provided. The non-transitory computer
readable medium includes instructions that, when executed
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by a processor, causes the processor to perform a method
including acquiring a plurality of magnetic resonance
images of a subject with different acquisition parameters and
generating a multi-dimensional intensity distribution model
from the plurality of magnetic resonance images. The multi-
dimensional intensity distribution model represents a distri-
bution of intensities of voxels in each magnetic resonance
image of the plurality. The method also includes identifying
clusters of correlated intensities in the multi-dimensional
intensity model and assigning the clusters into one or more
tissue classes based on the correlated intensities of each of
the clusters.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a flowchart illustrating one embodiment of a
method of separating tissue classes in magnetic resonance
images;

FIG. 2 is a flowchart illustrating another embodiment of
a method of separating tissue classes in magnetic resonance
images;

FIG. 3 illustrates a multi-dimensional intensity distribu-
tion model; and

FIG. 4 shows one embodiment of a system for separating
tissue classes in magnetic resonance images.

DETAILED DESCRIPTION OF THE DRAWINGS

FIG. 1 is a flowchart 200 that illustrates one embodiment
of a method for separating tissue classes in magnetic reso-
nance images. An MR imaging system operable to scan a
subject and generate an image of the subject (e.g., a patient)
is used to achieve the exemplary method. Although, the
exemplary embodiments illustrated are described in the
context of imaging a head of the patient, the embodiments
may also include other parts of the body of the patient. The
exemplary embodiments illustrated and described hereinat-
ter may find application in multi-modality imaging systems
that employ an imaging system in conjunction with other
imaging modalities, position-tracking systems or other sen-
sor systems.

The MR imaging system may generate ultra short echo
time (UTE) pulse sequences that may be used for imaging
tissues or tissue components.

At act 202, a plurality of MR images of the subject is
acquired with different acquisition parameters. The different
acquisition parameters may include parameters such as, for
example, imaging parameters, repetition time, echo time,
sampling bandwidth, scanning time and scanning range. In
accordance with aspects of the present technique, the MR
images are acquired using the UTE technique having dif-
ferent echo time (TE). In one embodiment, two images
having different echo time are acquired such that a first
image of the two images is acquired using smaller echo time,
and a second image of the two images is acquired with a
longer echo time compared to the first image. As an
example, the first image is acquired using an ultra short TE
01 0.07 ms, and the second image is acquired using an ultra
short TE of about 2-5 ms. Use of different echo time enables
acquiring images with different tissues in the body of the
patient highlighted in the corresponding images.

The head of the patient may include several tissues. The
tissues may include bone, air, and cerebrospinal fluid and
soft tissues such as tendons, ligaments, fascia, skin, fibrous
tissue, and fat, for example.

At act 204, a multi-dimensional intensity distribution
model is generated from the plurality of MR images. The
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multi-dimensional intensity distribution model represents a
distribution of intensities of voxels in each magnetic reso-
nance image of the plurality. The MR images are three-
dimensional images that include volume elements (e.g.,
voxels). The voxels in each image of the plurality have
different intensity values. The multi-dimensional intensity
distribution model will be described in more detail with
reference to FIG. 3.

The multi-dimensional intensity distribution model may
be a Gaussian mixture model (GMM). Other techniques
such as, for example, K-means classification, neural net-
works, and support vector machines may also be used for
classification of the multi-dimensional intensity distribution
model. A GMM is a parametric probability density function
represented as a weighted sum of Gaussian component
densities. GMM 1is used as a parametric model of the
probability distribution of continuous measurements such
as, for example, the intensity distribution of voxels in each
MR image of the plurality.

At act 206, clusters in the multi-dimensional intensity
distribution model are identified. The clusters are represen-
tative of correlated intensities of voxels from each MR
image of the plurality. One or more clusters may thus be
identified in the multi-dimensional intensity distribution
model, where the one or more clusters are indicative of
different tissue classes in the head of the patient.

An image may be represented as a grid of matrix MxN,
where M and N are natural or integer numbers. Each of these
values represents a microdot or a pixel specifying a location
of the pixel. The pixel may be represented by a grey value
having a value from 0 to 255 (e.g., grey levels with value 0
as black and 255 as white), thus indicating the intensity of
the pixel. The two images have intensity values that may be
different for each of the pixels or the picture elements. The
terms “pixel” and “voxel” are used interchangeably through-
out the application.

In one embodiment, the identification of the clusters
includes allocating a point in the multi-dimensional intensity
distribution model to one of the clusters, such that a distance
from the point to a center point of the one allocated cluster
is lower than a distance to a center point of any of the other
clusters.

The multi-dimensional intensity distribution model is
based upon a multi-dimensional Gaussian mixture model.
The Gaussian distribution is a continuous probability distri-
bution that is used as a first approximation to describe real
valued random variables that tend to cluster around a single
mean value. The graph of the associated probability density
function is bell shaped (e.g., the Gaussian function or bell
curve). The Gaussian function is represented by the follow-
ing equation:

M

fx) =

where: | is the mean representing the location of the peak of
the curve, and

o” is the variance, which represents a measure of the
width of the distribution.

The cluster in the multi-dimensional intensity distribution
model is in the form of a Gaussian function or bell curve as
mentioned in equation (1). As previously noted, the multi-
dimensional intensity distribution model includes one or
more clusters, and each of the one or more clusters is
represented in the form of the Gaussian function. As an
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example, if the multi-dimensional intensity distribution
model has two clusters, a first cluster has a mean as i, and
a second cluster has a mean as [1,. A distance of a point from
1, and , is calculated. The point is allocated to the cluster,
to which the distance is the least.

The distance is a Mahalanobis distance of each voxel
intensity pair from the two MR images to the centers of the
two clusters (e.g., the first cluster and the second cluster).

At act 208, the clusters that have been identified in act 206
are assigned into one or more tissue classes. The assignment
of the clusters into the one or more tissue classes is based on
correlated intensities of each of the clusters. The one or more
tissue classes include bone, air, cerebrospinal fluid, and/or
soft tissues. Based upon the correlated intensities, the clus-
ters are classified as representative of a tissue class in the
multi-dimensional intensity distribution model.

Additionally, a data model of the subject (e.g., the patient)
is created. The data model may be segmented into one or
more regions of different tissue classes. The data model of
the subject includes voxels. The voxels in each region of the
one or more regions of the data model correspond to the
clusters in the multi-dimensional intensity distribution
model. The data model is used to generate an image of the
subject with different tissue classes highlighted in the image.

Referring to FIG. 2, a flowchart 300 illustrating another
embodiment of the method of separating tissue classes in
MR images is shown. At act 302, a plurality of MR images
of the subject is acquired using different acquisition param-
eters. With reference to FIG. 1, two ultra short echo time
(UTE) MR images having different echo time are acquired.

At act 304, background voxels and foreground voxels in
the plurality of MR images of the subject are separated. The
background voxels are voxels surrounding the subject, and
the foreground voxels are body voxels of the subject. The
background voxels and the foreground voxels in the plural-
ity of MR images are separated using an Otsu filter.

At act 306, the plurality of MR images is normalized. The
plurality of MR images acquired using UTE technique show
intensity inhomogeneities that are to be corrected. Some MR
images of the plurality may show signal decay in a particular
direction (e.g., a caudal direction), while other MR images
of the plurality may show irregular intensity inhomogene-
ities. The intensity inhomogeneities may be corrected using
normalization. For the MR images of the plurality showing
signal decay in a caudal direction, a slice-wise normalization
that involves dividing each transversal slice of the image by
a maximum intensity value may be carried out.

For MR images of the plurality showing irregular inten-
sity inhomogeneities, homomorphic filtering is applied to
the plurality of MR images, thereby correcting the intensity
inhomogeneities.

At act 308, the separation of tissue classes in the plurality
of MR images is performed as explained with reference to
FIG. 1. A multi-dimensional intensity distribution model is
generated from the plurality of MR images representing the
distribution of the intensities of voxels in each MR image of
the plurality. The multi-dimensional intensity distribution
model is based on a multi-dimensional Gaussian mixture
model and is fitted to a joint histogram for the plurality of
MR images.

The clusters of correlated intensities in the multi-dimen-
sional intensity distribution model are identified, and the
clusters are assigned into one or more tissue classes based on
the correlated intensities of each of the clusters, as explained
with reference to FIG. 1.

Additionally, a tissue class of the one or more tissue
classes may be separated from the remaining tissue classes
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of the one or more tissue classes by acquiring an additional
MR image. The one or more tissue classes may include air,
bone and cerebrospinal fluid. The cerebrospinal fluid may be
separated from the remaining tissues by using an additional
MR image sequence. For separating tissues such as air and
bone, one MR image of the plurality may be masked, since
air and bone are not separable. Both the tissue classes are
represented by one or two clusters together in the multi-
dimensional intensity distribution model.

At act 308, an image of the subject is displayed with
different tissue classes highlighted.

Referring to FIG. 3, a multi-dimensional intensity distri-
bution model 320 is illustrated. The multi-dimensional
intensity distribution model 320 is based on Gaussian mix-
ture model (GMM). The multi-dimensional intensity distri-
bution model is a joint histogram for the plurality of MR
images.

The GMM is a two-dimensional model with the two axes
(e.g., the X axis 322 and the Y axis 324) representing the
intensity of corresponding voxels from the two MR images:
the X-axis 322 for the first MR image and the Y-axis for the
second MR image. The GMM may be estimated using an
algorithm such as, for example, an expectation-maximiza-
tion algorithm. Reference numeral 326 is representative of a
Z-axis in the multi-dimensional intensity distribution model
320, indicating the probability that a certain combination of
intensity values from the first image and the second image
will occur for spatially corresponding image voxels. The
GMM may also be extended to include more than two
images. For example, if there are three images, the X, Y and
7 axes may represent the three images, and the fourth axis
may indicate a probability that a certain combination of
intensity values from the three images occurs.

As illustrated in FIG. 3, the multi-dimensional intensity
distribution model 320 contains one or more (e.g., three)
clusters 328, 330, 332. The three clusters 328, 330, 332
represent different tissue classes. For example, a first cluster
328 is representative of bone, a second cluster 330 is
representative of air, and a third cluster 332 is representative
of cerebrospinal fluid.

FIG. 4 is a schematic diagram of one embodiment of a
system 400 for separating tissue classes in MR images. The
system 400 is a computer with software applications running
on the computer. The system 400 is connected to an MRI
scanner 350 that includes a bed 354, on which the subject
352 (e.g., a patient) lies. The subject 352 is driven into the
scanner 350 for acquiring MR images. The system 400
includes a processor 402 adapted to acquire a plurality of
MR images of the subject 352 with different acquisition
parameters, as mentioned with reference to FIG. 1. That the
system 400 may be a stand-alone computer with software
applications running on the stand-alone computer. Alterna-
tively, the system 400 may be an integral part of the MRI
scanner 350.

A data repository 360 is connected to the MRI scanner
350 to store MR image data. This MR image data is accessed
by the processor 402 of the system 400 for further process-
ing. The system 400 includes a display unit 404 to display
the processed image of the subject 352. The display unit 404
is configured to display the image of the subject 352 with
different tissue classes highlighted in the image. Alterna-
tively, the image data may also be accessed from a picture
archiving and communication system (PACS). In such an
embodiment, the PACS may be coupled to a remote system
such as a radiology department information system (RIS), a
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hospital information system (HIS) or an internal or external
network, for example, so that image data may be accessed
from different locations.

The processor 402 is configured to generate a multi-
dimensional intensity distribution model from the plurality
of MR images that are acquired using the UTE technique, as
described with reference to FIGS. 1-3. The multi-dimen-
sional intensity distribution model 320 (see FIG. 3) is
displayed on the display unit 404. The processor 402 is
further configured to identify clusters of correlated intensi-
ties in the multi-dimensional intensity distribution model
and assign the clusters into one or more tissue classes based
on the correlated intensities of each of the clusters.

The processor 402 is configured to create a data model of
the subject 352. The data model is segmented into one or
more regions of different tissue classes, such that voxels in
each of the regions corresponds to the cluster in the multi-
dimensional intensity distribution model.

The exemplary method and the system for separating
tissue classes in MR images, as described above, has several
advantages. The method is fully automatic and may also
improve accuracy in RT planning for certain indication such
as, for example, existence of high-Z implants or for planning
in low soft-tissue contrast regions where MR data is used
when rigid fusion yields allows MRI and CT to be over-
layed, which is not often the cases in real clinical practice.
The methods of the present embodiments provide for
directly planning the treatment based on the MR image.

Although the invention has been described with reference
to specific embodiments, this description is not to be con-
strued as limiting. Various modifications of the disclosed
embodiments, as well as alternate embodiments of the
invention, are apparent to persons skilled in the art upon
reference to the description of the invention. It is therefore
contemplated that such modifications can be made without
departing from the embodiments as defined.

The invention claimed is:

1. A method for directly planning a treatment based on a
magnetic resonance image, the method comprising:

acquiring a plurality of magnetic resonance images of a

subject with different acquisition parameters;

normalizing at least some magnetic resonance images of

the plurality of magnetic resonance images, the nor-

malizing comprising:

for magnetic resonance images of the plurality of
magnetic resonance images showing irregular inten-
sity inhomogeneities, applying homomorphic filter-
ing to the magnetic resonance images; and

for magnetic resonance images of the plurality of
magnetic resonance images showing signal decay in
a caudal direction, applying a slice-wise normaliza-
tion to the magnetic resonance images, the applying
of the slice-wise normalization comprising dividing
each transversal slice of the magnetic resonance
image by a maximum intensity value;

separating tissue classes in magnetic resonance images,

the separating comprising:

generating a multi-dimensional intensity distribution
model from the plurality of magnetic resonance
images, the multi-dimensional intensity distribution
model representing a distribution of intensities of
voxels in each magnetic resonance image of the
plurality, wherein the multi-dimensional intensity
distribution model is or is fitted to a joint histogram
for the plurality of magnetic resonance images;

identifying clusters of correlated intensities in the
multi-dimensional intensity distribution model;
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assigning the clusters into one or more tissue classes
based on the correlated intensities of each of the
clusters; and

creating a data model of the subject, wherein the data
model is segmented into one or more regions of
different tissue classes, such that voxels in each
region of the one or more regions corresponds to the
clusters in the multi-dimensional intensity distribu-
tion model; and

calculating dose distribution for the subject based on the

created data model of the subject.

2. The method according to claim 1, wherein the multi-
dimensional intensity distribution model is based on a
multi-dimensional Gaussian mixture model.

3. The method according to claim 1, wherein identifying
clusters comprises allocating a point in the multi-dimen-
sional intensity distribution model to a cluster, such that a
distance from the point to a center point of the allocated
cluster is lower than a distance to a center point of any other
cluster.

4. The method according to claim 1, further comprising:

generating an image of the subject based on the data

model; and

displaying the image of the subject,

wherein the different tissue classes in the image are

highlighted.

5. The method according to claim 1, wherein two mag-
netic resonance images of the subject with different acqui-
sition parameter are acquired.

6. The method according to claim 1, wherein the different
acquisition parameters comprise ultra short echo time
sequences.

7. The method according to claim 1, wherein the one or
more tissue classes comprise bone, air and cerebrospinal
fluid.

8. The method according to claim 1, further comprising
pre-processing the plurality of magnetic resonance images to
separate background voxels and foreground voxels in the
plurality of magnetic resonance images of the subject.

9. The method according to claim 8, wherein the back-
ground voxels and the foreground voxels are separated using
an Otsu filter.

10. The method according to claim 1, further comprising
normalizing the plurality of magnetic resonance images.

11. The method according to claim 10, wherein normal-
izing the plurality of magnetic resonance images comprises
applying homomorphic filtering to the plurality of magnetic
resonance images.

12. The method according to claim 1, further comprising
acquiring an additional magnetic resonance image to sepa-
rate a tissue class of the one or more tissue classes from the
remaining tissue classes of the one or more tissue classes.

13. A system for directly planning a treatment based on a
magnetic resonance image, the system comprising:

a processor configured to:

acquire a plurality of magnetic resonance images of a
subject with different acquisition parameters;
normalize at least some magnetic resonance images of
the plurality of magnetic resonance images, the
normalization comprising:
for magnetic resonance images of the plurality of
magnetic resonance images showing irregular
intensity inhomogeneities, application of homo-
morphic filtering to the magnetic resonance
images; and
for magnetic resonance images of the plurality of
magnetic resonance images showing signal decay
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in a caudal direction, application of a slice-wise
normalization to the magnetic resonance images,
the application of the slice-wise normalization
comprising division of each transversal slice of the
magnetic resonance image by a maximum inten-
sity value:
separate tissue classes in magnetic resonance images,

the separation of the tissue classes comprising:

generation of a multi-dimensional intensity distribu-
tion model from the plurality of magnetic reso-
nance images, the multi-dimensional intensity dis-
tribution model representing a distribution of
intensities of voxels in each magnetic resonance
image of the plurality, wherein the multi-dimen-
sional intensity distribution model is or is fitted to
a joint histogram for the plurality of magnetic
resonance images;

identification of clusters of correlated intensities in
the multi-dimensional intensity distribution
model,;

assignment of the clusters into one or more tissue
classes based on the correlated intensities of each
of the cluster; and

creation of a data model of the subject, wherein the
data model is segmented into one or more regions
of different tissue classes, such that voxels in each
region of the one or more regions corresponds to
the clusters in the multi-dimensional intensity
distribution model; and

calculate dose distribution for the subject based on the
created data model of the subject.
14. The system according to claim 13, further comprising
a display unit configured to display an image of the subject
with the different tissue classes.
15. The system according to claim 13, wherein the plu-
rality of magnetic resonance images are acquired using an
ultra short echo time technique.
16. The system according to claim 13, wherein the pro-
cessor is further configured to allocate a point in the multi-
dimensional intensity distribution model to one of the clus-
ters, such that a distance from the point to a center point of
the one allocated cluster is lower than a distance to a center
point of any other cluster.
17. In a non-transitory computer readable medium com-
prising computer readable instructions that, when executed
by a processor, causes the processor to directly plan a
treatment based on a magnetic resonance image, the instruc-
tions comprising:
acquiring a plurality of magnetic resonance images of a
subject with different acquisition parameters;

generating a multi-dimensional intensity distribution
model from the plurality of magnetic resonance
images, the multi-dimensional intensity distribution
model representing a distribution of intensities of vox-
els in each magnetic resonance image of the plurality,
wherein the multi-dimensional intensity distribution
model is or is fitted to a joint histogram for the plurality
of magnetic resonance images;

identifying clusters of correlated intensities in the multi-

dimensional intensity distribution model;

assigning the clusters into one or more tissue classes

based on the correlated intensities of each of the
clusters;

creating a data model of the subject, wherein the data

model is segmented into one or more regions of dif-
ferent tissue classes, such that voxels in each region of
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the one or more regions corresponds to the clusters in
the multi-dimensional intensity distribution model;
normalizing at least some magnetic resonance images of
the plurality of magnetic resonance images, the nor-
malizing comprising:
for magnetic resonance images of the plurality of
magnetic resonance images showing irregular inten-
sity inhomogeneities, applying homomorphic filter-
ing to the magnetic resonance images; and
for magnetic resonance images of the plurality of
magnetic resonance images showing signal decay in
a caudal direction, applying a slice-wise normaliza-
tion to the magnetic resonance images, the applying
the slice-wise normalization comprising dividing
each transversal slice of the magnetic resonance
image by a maximum intensity value; and
calculating dose distribution based on the created data
model of the subject.

18. The method according to claim 1, wherein the differ-
ent acquisition parameters comprise repetition times, sam-
pling bandwidths, scanning times, or scanning ranges.

19. The method according to claim 1, further comprising:

separating background voxels and foreground voxels in

the plurality of magnetic resonance images; and
normalizing at least some magnetic resonance images of
the plurality of magnetic resonance images.

#* #* #* #* #*

20

25

10



